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Encoding flight operator’s preference over desired route options, Trajectory Options
Set (TOS) is the core element of Collaborative Trajectory Options Program (CTOP).
An important research question in CTOP is how to assign trajectory options and delays
to the impacted flights to minimize total system delay costs while maintaining equality
across airspace users. The main goal of our work is to develop a centralized optimization
algorithm which can be an alternative solution to the current CTOP Ration-by-Schedule
(RBS) allocation scheme and can be used in decision support tools for air traffic managers as
well as airline dispatchers. A mixed integer linear model is formulated and important issues
including TOS route restrictions, intra-airline cancellation and substitution are discussed
in details in the paper. The model is tested on a realistic CTOP use case. The preliminary
results are very promising in terms of computational efficiency, implying practical viability.
The proposed model is not limited to be used in CTOP, but can be applied to solve
the very general multiple constrained airspace with flights having multiple route options
optimization problem as well.

Nomenclature
N Number of flights
A List of airlines
fi i-th flight, i =1,--- | N
F, set of indices of flights of airline a
N; Number of route options for flight f;
Tij j—th route of ﬂlght fj,, ] = 1, s 7Ni
Qij Cost of the route r;;
0ij Binary indicator whether flight ¢ will take route j
dij Ground delay of flight ¢ following route r;;
afj Air delay of the flight ¢ following route r;; before entering FCA k
A Number of FCAs
MF Acceptance rate of FCA k at time period ¢
tf Time period at which route r;; is planned to cross FCA k
Tilg Time period at which flight i crosses FCA k&
Q;; An ordered set of indices of the FCAs which route r;; crosses
Qi A set of indices of the FCAs which flight f; crosses at any route
ok A set of indices of the routes which are planned to cross FCA k
Pk A set of indices of flights which might cross FCA k at any of their routes
Bfft Binary indicator whether flight ¢ passes FCA k at interval ¢
Biu Binary indicator whether flight ¢ taking A time periods ground delay and p time periods air delay
c(i, A\ p) Cost for flight ¢ to take A time periods ground delay and p time periods air delay
vé‘;t Number of slots owned by airline a for FCA k during time period ¢
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I. Introduction

As a key tool in the NextGen portfolio, Collaborative Trajectory Options Program (CTOP) is a new
Traffic Management Initiative (TMI) which is used to balance demand and capacity in the en route and
terminal airspace. CTOP combines many features of its preceding TMIs including Ground Delay Program
(GDP), Airspace Flow Program (AFP) and Reroutes, and has the ability handle multiply Flow Constrained
Areas (FCAs) within a single program. CTOP could automatically assign delays and/or reroutes to flights
to dynamically manage the demand through the congested regions as conditions change. A new concept in
CTOP is Trajectory Options Set (TOS), which is set of desired route options submitted by flight operators,
with each option associated with Relative Trajectory Cost (RTC) and some usage restrictions. A TOS
encodes flight operator’s conditional preference over different route choices and brings greater flexibility and
efficiency to the airspace users M.

Since the first GDP model proposed by Odoni in 19872l there has been moderate research on TMI
optimization problems in the past three decades. A TMI has airline side and the Federal Aviation Adminis-
tration (FAA) side research problems. The most classical airline side problem is how to do slot substitutions
and flight cancellations to best response to a TMIB BBl The two FAA side problems which have attracted
most attentions are resource allocation problem and airport or FCA rate planning problem. In the current
Collaborative Decision Making (CDM) paradigm, Ration-by-Schedule (RBS) is accepted as the standard
principle for equitable resource allocation® . However, in some applications and under certain mild as-
sumptions, other ration scheme has been proved to be superior B B!, Most of the literature on rate planning
problem has been focused on single airport GDP planning under uncertainty. Several stochastic optimiza-
tion models with varying degree to which traffic managers can modify or revise flights’ controlled departure
times have been proposed. In static stochastic model and semi-dynamic multistage stochastic model, ground
delay decisions are made at the beginning of the planning horizon 1% B} and at flights’ scheduled departure
time | respectively. In these two types of models, once a ground delay decision has been made, it cannot
be revised. In a dynamic multistage stochastic model, a flight can be ground delayed multiple times 23!,
From static model to semi-dynamic model to dynamic model, more information about weather scenario tree
and flights are utilized, which bring the benefit of lower system delay cost at the cost of less departure
predictability and loss of CDM compatibility. Other decision making under uncertainty techniques including
Markov Decision Process and chance constraints programming have also been explored by researchers, which
assume the weather evolves according to a Markov Chain or assume the capacity estimation conforms to
log-concave distribution 4! 151 (6],

Like its forerunners, CTOP also has both sides research problems and also several unique problems
owing to its new functionalities. For example, two new airline side problems are how to generate candidate
routes and how to set RTC values M B89 20l - The traditional FAA side research problems continue to
exist, including airspace resources allocation 22 and FCA acceptance rate planning 23R4 However,
these problems become more challenging due to the need to coordinate multiple FCAs and the TOS-induced
demand variability 2%, Some new FAA side problem include how to predict TOS submission, when to do
the automatic revision to response TOS update and pop-up flights etc.

This paper endeavors to solve selected problems from both sides. For the FAA side, we want to take
advantage of reroute flexibility offered by the TOS set to find efficient solution in terms of total system cost,
and at the same time pursue equality among airlines. The motivation is that the current CTOP algorithm
does not explicitly consider system efficiency. We believe an model that can easily trade off efficiency and
equality is useful in revealing how best can we achieve in terms of efficiency and the cost of fairness, and in
helping air traffic managers understand, initiate, and perform post-analysis for CTOP programs. For the
airline side, we propose a slot substitution model which could account for nonlinearity of flight delay cost.
It can show the benefit of allowing airlines to reoptimize their internal delay cost functions. This work is
closely related to our collaborators’ work [26]. The key difference is that in [26], the two consecutive flights
are scheduled to maintain a certain distance or time separation in order to satisfy the capacity constraints
(named space-based), whereas in our work we require number of flights that are scheduled to arrive at a
FCA in a time interval should be within its acceptance rate (named interval-based). The former formulation
ambitiously solves TOS allocation problem and flight separation problem in a single optimization model and
therefore can be computational challenging even for small test case with 30 flights. Our formulation is more
in line with air traffic flow management practice and is more computationally efficient. The latter allows our
formulation to be extended to an efficient stochastic version that account for capacity uncertainties in the
future.
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This paper is organized as follows: to give the reader the basic background knowledge, in section [[I] we
will first briefly introduce the TOS composition and current CTOP algorithm. In section [[TI} we will discuss
in detail the model assumption, model formulation and related issues including equality, and intra-airline
cancellation and substitution. In section [[V] we will introduce the experiment setup and discuss the main
results. In section [V] we summarize the findings of this paper and point out future work.

II. CTOP In a Nutshell

Fig [T shows an example of a TOS. A TOS consists of a flight’s ID, origin and destination airports, Initial
Gate Time of Departure (IGTD, the departure time when the flight was first created.), Earliest Runway
Time of Departure (ERTD, the earliest time the flight can depart) and candidate routes information.

RTCs are values submitted by the flight operator to express his/her preference over route options. There
are three optional requirements for each route that can be provided by flight operator: Required Minimum
Notification Time (RMNT) which allows for needed preparation time, such as adding fuel; Trajectory Valid
Start Time (TVST) and Trajectory Valid End Time (TVET) which are the earliest and latest acceptable
take-off times for that TOS option, respectively.

Flight ID
ACID | ORIG | DEST IGTD TYPE ERTD
[T FE LAX ATL 05/1945 LJ60 05/1945

Trajectory Option Set

i 5 5 O e i i

TRM PKE DRK J6 IRW FSM MEM ERLIN9 350 435

2045 TRM PKE DRK J134 LBL SGF BNA RMG4 350 435

2045 TRM PKE DRK ]34 BUM FAM BNA RMG4 350 430

1945 2145 TRMBLH J169 TFD J50 SSO |4 EWM |66 ABI J4 MEI LGC2 350 425

45 1745 2200 TRMBLH J169 TFD ELP J2 JCT J86 IAH J2 LCH ]J590 GCV LGC2 310 430

Figure 1: TOS Example of a Flight from LAX to ATL E7

FAA allocate the routes to flights on a flight by flight basis according to their earliest Initial Arrival
Times (IATs). A flight’s IAT is the earliest ETA (Estimated Time of Arrival) at any of a CTOP’s FCAs
using any of the flight’s TOS options. We can consider IAT as a flight’s CTOP capture time. This is the
CTOP version of Ration by Schedule (RBS). For a given flight, CTOP allocation algorithm will calculate the

The assigned route is the-one that piinimizes Adjusted Cost: % S ‘ AT
Adjusted/Cost=RTC + Required Ground Delay =" 4
A S R =

routel {_70=0 [ +70

roufe 50=30/x+ 20

rot[te 3 60=50"+10
route 4 70560 +1

rouyte5  70=70 (.
‘‘‘‘‘‘‘‘ 1

/\j;‘ TOTEC

Figure 2: Flight Routes in the TOS and the Adjusted Cost 27

adjusted cost for each candidate route and assign the route with the minimum adjusted cost to this flight.
The key equation here is:
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Adjusted Cost = RTC + Required Ground Delay

Required ground delay is calculated by the CTOP algorithm given current available slots, which is the
ground hold time this flight will need to bear in order to take a specific route. Assume no route restriction
is violated, as shown in Fig[2] this flight will be allocated with route 2, which has the smallest adjusted cost
among all route options.

The three optional route restrictions may also affect the route assignment. The scheduled the departure
time of this flight is 19:45. Assume the current time is 19:10. The RMNT dictates that if route 5 if chosen,
then this flight cannot depart until 19:10 + 45 mins = 19:55. In this case the required ground delay is
actually 10 minutes and the adjusted cost is 80 minutes. It can be seen that apart from available slots, the
route restrictions can be another source for required ground delay. For route 3, the flight needs to take 60
minutes ground delay in order to meet the TVST requirement: 19:45 + 60 mins = 20:45. Therefore if the
route restriction is considered, the adjusted cost for route 3 is 110 minutes. Route 2 still has the smallest
the adjusted cost and satisfies TVET: 19:45 4+ 20 mins = 20:05 < 20:45.

For a more detailed introduction to CTOP algorithm, the readers are referred to [7] or [28].

III. Mathematical Formulation

A. Model Assumptions

1. We assume the flights captured by CTOP are not controlled by other TMIs at the same time. In other
words, we do not consider the the TMI interactions

2. We assume the TOS data, FCA entry times, CTOP planning horizon and FCA acceptance rates
are known. Note here we assume the rates are given and can accurate reflect the airspace capacity
constraints. There is no uncertainty in any of the parameters

3. We assume all flights are required to exit the FCA network by the end of the planning horizon

4. We assume we can only delay a flight by integer multiples of the size of a time period. In this paper,
we use the bin size of 15 minutes. Then the possible delay times are 0 minutes, 15 minutes, etc

5. We assume we can air delay flights in a proactive way

B. Model Formulation

The objective function minimizes total system delay costs, which is composed of reroute costs, ground delay
and air delay costs. a and 8 are weighting coefficients. Unless otherwise stated, we use « =1 and =2 in
this paper, which means one unit of air delay is twice expensive as one unit of ground delay.

N N; N
min ZZqij(Sij —&—adij—i—ﬁz Z a?j (1)

i=1 j=1 j=1keQ;

It worths pointing out that because air delay is more expensive than ground delay, therefore afj =0if kis
the first FCA that route r;; crosses (k € ;; and id(k) = 1).

Only if we choose route r;; for flight f;, can d;; and afj be nonzeros. M; is a constant, which is the
maximum allowable delay for flight .

0<dij+ Y af; <6;M; Vi,j (2)
kEQ;;

One and only route should be chosen for each flight f;:

N;
0;j =1, fori=1,--- | N (3)
j=1
The ETA of flight ¢ to FCA k along route j is:
h= > thdy+dy+ 3 ak; Vijk,i€ F (4)
j=1..N; keQ,;;2<id (k) <id(k)
(i.j)e®”
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Parameter ¢;; in this paper is also in unit of time periods, which can be obtained by data preprocessing. The
third term is the cumulative air delays this flight take before reaching FCA k.

We introduce auxiliary binary variable B,tc’ ;» Which relates the flight arrival time with flight count. B,tc’ ;=1
means flight 7 will cross FCA k using one of its route options. There are three constraints that B,tm. need to
meet. A flight can only arrive at a FCA once:

T

Y Biis1 (5)
t=1

If 7} = t, then B ; = 1:
T
ZtBltc,i =7F (6)
t=1

Since we know the earliest unimpeded travel time for flight ¢ to reach FCA k, we can actually reduce the
coefficients of left hand sides in and @ by summing ¢ from min; tk] instead of 1.

Finally, we have capacity constralnts The number of flights that are scheduled to arrive at FCA k at
time ¢ should be no greater than its acceptance rate:

N
STBL, <ML (7)
=1

Note that if the route assigned to flight i doesn’t pass FCA k, then 7¥ = 0 and thus B}, =0 for all t.
Therefore flight ¢ will not be counted when calculating the demand for FCA k. If a route-out option is
chosen for a flight (i ¢ ®* Vk), then this flight will not be considered as demand at any FCA.

C. Equality Issue

Equality is a key issue that has to be considered when designing any resource allocation algorithm which

involves competing users. The total cost for an airline is Z ¢;, where ¢; = Z Qij0i; +adi; + 5 Z Z a
i€F, J=1keQy;

n [26], the authors incorporate the fairness measure by minimize the welghted system delay costs and

maximum average airline costs:

N

Zcﬂrw

i=1

> e VacA

1€F,

(8)

y=
IF\

Note that the implicit assumption here is that the RTC of the most preferred route g9 = 0. If RTC
represents entire route cost rather than the extra cost of rerouting, then the above formulation will favor
airlines with many long haul flights.

An airline company may try to game the algorithm by submitting large unfaithful RT'C values for reroute
options, hoping that if a reroute option is chosen then less delays will be assigned to this airline in general.
This practice will run the risk of losing reroute opportunity and experiencing long ground delays.

D. Constraints on Delays and Nonlinearity of Delay Cost

The delay is modeled at flight by flight level, thus it is straightforward to add constraint on ground delay or
the amount of air delay at any FCA.

The cost function of a flight on delay times is typically nonlinear. This is especially so if we allow both
ground delay and air delay. We can show that by using binary variable B; » ,,, we have the ability to model
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arbitrary complex cost functions:

Y Biau=1 9)
A,
Iz .
> ABiau = di (10)
A =1
N;
D uBinu=)_ Y af (11)
n

Jj=1 keQ,-,j
N;
¢ = Z (i Ay ) Bi,p + Z 030 (12)
P J=1

Constraint (9) says that a flight cannot take (\,x) ground and air delays, and a different ground and air
delay combination at the same time. Constraint and relate the B; » , with the number of ground
delay and air delay period. Formula gives the total cost for flight i. c¢(i, A\, ) are given parameters,
therefore the expression is still linear. Because we only allow flight to take delay in unit of bin size, therefore
the number of B; » ,, will not be very large.

When solving FAA side problem, a linear mapping from time to cost is preferred, because we do not
want an airline to overstate its own delay costs. Nonlinear cost function will be used in section

E. TOS Route Restrictions

Until now, we haven’t considered the route restrictions yet. It can be easily shown that the route restriction
can be translated into required ground delay. If we know the current time, flight’s scheduled departure
time and RMNT, we can directly calculate the minimum ground delay needed for flight ¢ to take route j
RMNT,GD”

dij > 6;;RMNT_GDy; (13)

Similarly, TVET and TVST impose upper and lower constraints on the required ground delay time.

F. Intra-airline Cancellation and Substitutions

In this section, we show that by slightly tweaking the TOS allocation model, we can enable collaborative
decision making by allowing airlines to do intra-airline substitutions.

Two important parameters here are vf’t and c(i, 7, ). v¥, can be determined from the solutions of
previous TOS allocation model. ¢(i, 7, 1) is flight specific and can be nonlinear to capture downstream miss-
connection effect of crews, passengers, and the airframe, etc. Each airline can minimize its internal delay

and reroute cost:

N;
min Z {Z (i, A\, ) Biau + Z ¢ij0i; }

1€F, A p j=1
st. @)@ Viek, (14)

ST BL<vh ik
i€F,

It is common that an airline is willing to cancel some of its flights and use the vacant slots to reduce delays of
other flights. Good computational performance of model enables the airline to do fast what-if analysis
when making cancellation decisions.

IV. Experimental Results

To demonstrate the performance of proposed models, we create an operational use case based on actual
events from July 15, 2016 29
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A. Southern ZDC and EWR with Convective Activity

This use case primarily addresses convective weather activity in southern Washington Center (ZDC). Figure
shows the pattern of convective weather activity for that day. It can be seen that southern ZDC is adversely
impacted by the weather. We further assume there is demand-capacity imbalance at EWR airport. In
principle, the EWR imbalance could be addressed by an isolated GDP. However, much of the traffic bound
for EWR is passing through southern ZDC; therefore, we show how the EWR arrival traffic can be folded
into the same CTOP that addresses southern ZDC. Note that the traffic congestion at southern ZDC is
comparable to an AFP with two wing FCAs added, shown in Figure[dl The FCA network is shown in Figure

: e | oFrederi
_Minneapolis = fo MAINE T %
: 3 bl | ; Augiista.
| saintpay WISCONSIN sevugr ol ! Jidan e
Sioux Falls TRIGAN Toronto 2 ok o e
y Milwaukee : BuftaiosRochester = = Atz
O olansing . M2 e W YORK SCotoxd
b Madison™ Grand Rapids~ O 'ré[;etrmt AR A Boston
ey S : e - 2 = ovidence
i ) oDes Moines C‘h\"ﬁagg ocreverarld Hartfcrdf:_ [ e
i Pittshurgh PE NN New York
HIO) % O

| ILLINGIS o ; o
ragf"‘d* - ] e ﬁelé"ngl"";_ Sl Warrisburg’ Tren!ﬂ.;srﬁ”.adelphla
[ _Kansas City pringnel n mnnpol.. s .Ann:pcllao_ i

Wast Dov!

o SaintLouis | CincinnatiS A 1
Topeka Oueriershh City | Loul 'ﬂs&i"}fﬂmmt N Washingtan - | OF er
Wichita MISSOUR! ,ﬁ&%‘ i Chiarleston Vrsc iNIA) Richiman d
1 _,»-“}ﬁ il KENTUCKY? oF A
R i s =g A ke
e : . & _EUN_?SEédashwlle" Lnoxville - @eenst}u - oy
KB ETE A N AT | = Baticne =
T = SMemphis S
Liflie Rock’ Cree e i biag
¥ i an ta 05,
MISSISSIPPY Blgnu_\gjham_n SEARG
gallas% e ALABANA

BEF

L Jackson
Loursr& 15 i

g :
stin . Bl Roug) %'m %
7 New a
ntoniod WSO % g
ik Ve

rownsville i
Gulf of Mexico b % Hassau

Figure 3: Weather Forecast for 2210z, Taken at 1522z on July 15, 2016
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Figure 5: Geographical Display of the FCA Network

Resource/Time Bin = 20:00 15 30 45 21:00 15 30 45 22:00 15 30 45 23:00 15 30 45 00:00 15 30 45

FCA 13 13 13 13 13 13 13 13 13 13 13 13 13 13 13 13 25 25 25 25
FCA1 44 44 44 44 44 44 44 44 44 44 44 44 44 44 44 44 50 50 50 50
FCA2 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5 5
EWR 8 8 8 8 8 8§ 8 8 8 8§ 8 8 8 8§ 8 8 10 10 10 10

Table 1: FCA Acceptance Rates

B. FCA Acceptance Rates

The FCA acceptance rates are listed in Table[I] From 2000Z to 2359Z, the rate of FCA reduced by nearly half
from 25 to 13. FCA1 and EWR airport capacity are also adversely affected by the weather. In this paper,
we assume the rate information is given. In reality, this information can be obtained from deterministic
weather translation technique, or computed from stochastic rate planning algorithm which uses probabilistic
capacity information B0 B3 [32]

Note in GDP optimization, we usually add one extra time period to make sure all flights will land at the
end of the planning horizon. Because CTOP has multiple constrained resources, we need to add more than
one time period depending on the topology of the FCA network. In this use case, we add four extra time
periods, because the maximum average travel time between the three en route PCAs and KEWR is around
1 hour (4 time periods). For any time periods outside the CTOP start-end time, e.g. the extra four time
periods in Table[l] we assumed nominal acceptance rate.

C. Traffic Demand Modeling

For flight data, we used historical flight data pulled from September 8, 2016 as a representative clear weather
day for traffic demand. We avoided using the actual flight data from July 15, 2016 because flight plans and
airline operational schedules were likely influenced by weather forecasts and related ATFM events. We only
keep flights which pass through one of the 3 PCAs created in ZDC plus all EWR arrivals. The resulting set
contained 1098 flights. To form the base (preferred) route for each flight, we drew historical filed flight plans
(from Sept. 8, 2016) from the System Wide Information Management (SWIM) data.

A typical TOS package that might be submitted for this day would have one route for each FCA, and
one route-out route to avoid all FCAs. To model the TOS sets that airlines might submit in response to
a CTOP, we can draw from a combination of reroute TMIs from SWIM database and routes in the Coded
Departure Route (CDR) database. There are in total 1368 TOS options for 890 flights, on average 1.55
options per flight.
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D. Numerical Results

The optimization models are solved using Gurobi 7.5.2 on a workstation with 2.6GHz processors and 16 GB
RAM. There are in total 26767 integer decision variables and 5563 constraints for the formulation without
equality term; 26767 integer variables, 1 real variable and 5642 constraints for the formulation with equality
term.

1. Benefit of Rerouting

We first show the benefit of allowing TOS submission in Table 2] Here the cost is in unit of ground delay
(15 minutes), and the airline equality term is not added. We can see that with more reroute options, the
total system cost decreases by more than half (62.6%). In both cases, no flight will take expensive air delay.

Reroute Cost  Ground Delay Cost  Air Delay Cost  System Cost Running Time (Seconds)

With TOS 34.93 148 0 182.93 4.07
Without TOS 0 489 0 489 3.30

Table 2: System Cost With and Without TOS Submissions

2. The Price of Fairness

We pick 5 values for the weighting coefficient of fairness measure v: 0, 50, 100, 200, 500. It can be seen
from Fig |§| that, increasing v from 0 to 50 will decrease maximum average airline costs (increase fairness)
without incurring any extra system cost. Increasing v from 50 to 500 will help to further improve fairness,
at the expense of increasing system cost. For the first data points, the exact optimal solution can be found
in around 5 seconds. For the latter two data points, the optimality gap is within 1% if we early stop at 30
seconds.

124+ @ 3.05s

10 A

Maximum Average Airline Costs (Mins)

%
s, 0.98%

184 186 188 190 192
System Cost (Unit of Ground Delay)

Figure 6: Tradeoff Between System Cost and Equality Measure

3. Benefit of Intra-airline Slot Substitutions

In this section, v = 50 is chosen to first solve the TOS allocation model, because it gives us good trade-off
between efficiency and equality. We can obtain the number of slots owned by each airline vf,t by post-
processing the solution of decision variable B,tm: vf’t =D icr, B,t“ We pick the 4 air carriers that have
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the largest number of CTOP captured flights. For each flight, we randomly generate ground and air delay
unit costs which are uniformly distributed within [0.5, 1.5] and [1.5, 2.5], respectively. The intra-airline slot
substitution model is applied to 200 different realizations of ground and air delay costs for each flight. The
result is summarized in Table Bl

Airline Cost Reduction

Airline Number of Captured Flights Expected Value Standard Deviation Expected Running Time (Seconds)
Hub carrier 110 6.2% 4.0% 0.34
Non-hub carrier 1 117 25.6% 7.8% 0.39
Non-hub carrier 2 85 6.8% 4.2% 0.35
Non-hub carrier 3 73 18.4% 6.2% 0.24

Table 3: Expect Cost Reduction from Intra-Airline Substitutions

In this use case, all four carries have more than 5% expected cost reduction and two carriers have a
substantial more than 18% cost reduction.

4. Some Remarks

1. It can be seen from the above numerical results that both TOS allocation model and intra-airline
substitution models are quite computationally efficient

2. We have shown the benefit of having more rerouting options. To encourage airlines to submit TOSs,
a possible way is to modify the right hand side of y > )‘aﬁ Yic F, Ci, and let A, slightly larger than
1 if the candidate routes per flight is large for airline a

3. A drawback of this formulation is that it is not straightforward to tell how many flights are taking air
delay before a FCA, which is related to the workload of air traffic controllers. We will address this
problem in [33]

V. Conclusion

In this paper, we proposed a deterministic interval-based TOS allocation model and discussed several
related practical issues. Preliminary model performance results are obtained by testing on a realistic 4 hours
CTOP use case that involving around 900 flights. We have demonstrated that the TOS allocation model
is computationally efficient; by allowing TOS submission, the system cost can drop more than 50%; the
tradeoff between system efficiency and equality among air carriers can be conveniently made; intra-airline
substitution can help reduce the airline cost by around 5% or more. The ongoing work include extending
the formulation to incorporate capacity uncertainties 3 and a detailed comparison with RBS results. Apart
from CTOP, This work can also be potentially applied to related research problems including Integrated
Demand Management (IDM) B4 B35l and airport arrival /departure fix balancing problem.
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